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Goal Patient Acquisition Depthmap Preditions

Detection « Quantification of spine deformities in 3D N /\ /\, /\

Representation
— = Skin: Depthmap cropped on RO
A = Spine: 3D vertebra positions
/\>“' (@anteroposterior axis relative to TO8)
L:/L{, = Curvatures: Cubic B-Splines [1]

Research question

Can we guess scoliosis from a single depthmap ?
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Adaptation from Duval-Beaupere 1984

1271 subjects (31% with scoliosis) from different sources:

Grenoble Hospital NMDID [2]

= 3D avatars using = Segmentation of CT-Scans
anatomical modeling

Metrics Classification

N
o

Positions (mm) Angles (°) Classification | = 10° threshold

| ---- Regression (R=0.83)
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